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Abstract 

This study investigates the influence of social influence, perceived risk, and trust and security on the usage of fintech 
applications, with behavioral intention serving as a mediator. A quantitative approach was adopted, grounded in the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Data were collected from 150 GoPay users in Surabaya 
via an online questionnaire, and the hypotheses were tested using Structural Equation Modeling with Partial Least 
Squares (SEM-PLS). The analysis reveals that behavioral intention significantly predicts actual usage, while social 
influence exerts positive effects on both behavioral intention and usage. Perceived risk demonstrates a significantly 
negative relationship with behavioral intention but does not directly impact actual usage, suggesting that its effect is 
fully mediated. Trust and security do not show significant effects on either behavioral intention or actual usage. Overall, 
the findings confirm the mediating role of behavioral intention in linking external determinants and fintech application 
adoption. This study contributes to the fintech literature by integrating multiple factors in a localized context of GoPay 
users in Surabaya. Practically, it suggests that fintech providers should focus on enhancing social influence and 
mitigating perceived risk to foster user intention and increase sustained app usage. 
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1. Introduction

Financial technology (fintech) has emerged as one of the most transformative innovations in the global financial 
ecosystem. Defined broadly as the integration of technology and financial services, fintech enables the creation of new 
business models, products, and processes that enhance the efficiency, accessibility, and user experience of financial 
transactions [1]. This transformation is particularly evident in services such as digital wallets, mobile banking, peer-to-
peer lending, and online investment platforms. Fintech continues to reshape consumer behavior, disrupt traditional 
banking systems, and promote financial inclusion on a global scale [2]. 

Over the past decade, the rapid adoption of fintech solutions has become a focal point of academic and industry research. 
Scholars have sought to understand the psychological and social drivers behind fintech usage by applying established 
technology adoption models. Among the most widely used theoretical frameworks are the Technology Acceptance 
Model (TAM), the Unified Theory of Acceptance and Use of Technology (UTAUT/UTAUT2), and the Theory of Planned 
Behavior (TPB) [3], [4]. These models explain user behavior in relation to constructs such as perceived ease of use, 
social influence, perceived risk, trust, and behavioral intention [5]. 
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Recent studies emphasize that behavioral intention plays a critical mediating role between user perceptions and actual 
system usage. According to UTAUT2, behavioral intention is shaped by performance expectancy, effort expectancy, 
social influence, and facilitating conditions [4]. Research by [6][7] has shown that factors like trust in system security, 
perceived risks (financial, privacy, and performance risks), and peer influence significantly influence intention and, 
ultimately, behavior. However, empirical studies that simultaneously examine all these variables in a unified model, 
especially in emerging economies, remain limited [8]. 

In Indonesia, the fintech sector has grown significantly, supported by government policies, increased smartphone 
penetration, and digital literacy [9]. One of the most prominent fintech applications is GoPay, an e-wallet integrated into 
the Gojek platform. GoPay provides services that range from daily payments to digital transfers and utility bills, and it 
has become an essential tool for financial transactions in both online and offline environments. The convenience, 
accessibility, and integration with other services make GoPay a popular choice among users, particularly in urban areas 
such as Surabaya [10]. 

Despite this popularity, users' decisions to adopt and continue using GoPay are influenced by various interrelated 
factors. In collectivist societies like Indonesia, social influence such as peer recommendations or social media exposure 
can significantly affect adoption decisions [11]. At the same time, users may experience perceived risks, including 
concerns about financial fraud, data privacy, and system reliability [6],[12]. Trust in the application’s security measures 
is thus essential to reduce anxiety and foster continued usage [13]. These dimensions—social influence, perceived risk, 
and trust and security do not act in isolation; instead, they interact and shape users' behavioral intentions, which 
ultimately drive actual usage behavior [4],[7]. 

Although several studies have examined individual factors affecting fintech adoption, few have explored them 
comprehensively and simultaneously within a single empirical model particularly in localized Indonesian contexts [8], 
[13]. Existing studies often focus on metropolitan areas like Jakarta, while other urban centers such as Surabaya are 
underrepresented [10],[14]. Furthermore, many prior studies either do not account for the mediating role of behavioral 
intention or analyze only bivariate relationships. This creates a gap in understanding the holistic interaction between 
socio-psychological constructs and actual usage behavior [15]. 

This study seeks to fill that gap by investigating the influence of social influence, perceived risk, and trust and security 
on the usage of fintech applications, with behavioral intention as a mediating variable, using GoPay users in Surabaya 
as the target population. The research adopts a quantitative approach based on UTAUT2 theory and employs Structural 
Equation Modeling using Partial Least Squares (SEM-PLS) for data analysis [4],[16]. By addressing an underexplored 
context and integrating multiple predictors into a single model, the study contributes to a deeper theoretical 
understanding and offers practical insights for fintech developers, marketers, and policymakers aiming to enhance user 
adoption and retention. 

2. Theoretical Framework and Hypotheses Development 

2.1. Theory of Planned Behavior (TPB) 

Theory of Planned Behavior (TPB) is an extension of the Theory of Reasoned Action (TRA) proposed by [5], designed to 
explain behaviors that are not entirely under individual control, including in the context of financial technology (fintech) 
adoption. TPB posits that behavioral intention is influenced by three key components: attitude toward the behavior, 
subjective norms, and perceived behavioral control. These factors play a crucial role in shaping users’ decisions to adopt 
fintech services. A positive attitude toward the ease and benefits of fintech, social support from peers or family, and the 
perception that users have the ability and resources to operate the application increase their intention to engage in 
digital transactions [17], [18], [19]. TPB has proven to be a relevant model for predicting both intention and actual 
behavior and can be integrated with other variables such as trust and perceived risk to provide a more comprehensive 
understanding of fintech adoption behavior [20]. 

2.2. Unified Theory of Acceptance and Use of Technology 

Unified Theory of Acceptance and Use of Technology (UTAUT), developed by [21], integrates several prior models to 
explain individual acceptance and actual usage of technology. It identifies four core constructs performance expectancy, 
effort expectancy, social influence, and facilitating conditions that influence behavioral intention and use behavior. Each 
construct is moderated by factors such as age, gender, experience, and voluntariness. In the fintech context, effort 
expectancy reflects the perceived ease of use, making intuitive and user-friendly apps essential. Social influence is 
particularly strong in collectivist societies like Indonesia, where peer support significantly impacts adoption. 
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Facilitating conditions, such as access to devices, internet connectivity, and digital literacy, also directly affect actual 
usage. While UTAUT provides a robust framework, it can be expanded with trust and perceived risk to better explain 
fintech user behavior in sensitive financial environments [4], [7], [22].  

2.3. Financial Technology (Fintech) 

Fintech (Financial Technology) is an innovation in financial services that integrates digital technologies such as mobile 
computing, blockchain, and big data to enhance efficiency, accessibility, and financial inclusion [23], [24]. Rather than a 
single theory, fintech represents an interdisciplinary framework combining economics, technology, consumer behavior, 
and regulation [1]. It encompasses various business models including digital payments, online lending, crowdfunding, 
and digital wealth management [24]. By reducing traditional intermediaries, fintech enables faster and more affordable 
access to financial services [25]. Its adoption is often analyzed through frameworks like TAM and UTAUT, focusing on 
perceived ease of use, benefits, trust, and social influence [3], [4]. The key to its success lies in balancing technological 
innovation, consumer protection, and financial system stability [1], [23]. 

2.4. Social influence 

Social influence refers to how the opinions of significant others, such as family and friends, affect an individual’s decision 
to adopt new technologies, including fintech. In the UTAUT model, social influence is a key predictor of behavioral 
intention, particularly among women, novice users, and within collectivist cultures [21]. It operates through three 
mechanisms: compliance, internalization, and identification, shaping individuals' responses to social norms [21].  

In the fintech context, social influence fosters trust and reduces user uncertainty about digital service risks [26]. Prior 
studies have consistently demonstrated a significant positive relationship between social influence and behavioral 
intention in technology contexts, including mobile banking and fintech applications [7], [22], [27], [28]. These findings 
suggest that social norms and peer recommendations play a critical role in motivating users to adopt digital financial 
services.  

• H1 Social influence has a positive effect on behavioral intention to use fintech applications. 
• H5 Social influence has a positive direct effect on actual usage of fintech applications. 

2.5. Perceived Risk 

Perceived Risk refers to an individual's perception of uncertainty and potential losses that may arise when using a 
service or product. Originally introduced by [29] and emphasized by [12], it is considered a major barrier to technology 
adoption, especially in digital services. It includes concerns about financial loss, privacy, data security, and performance 
failure. Consumers evaluate risk subjectively, not based on actual risk [30]. High perceived risk can hinder adoption 
intentions, while lower perceived risk can accelerate decision-making. Thus, understanding and managing Perceived 
Risk is crucial for building trust and encouraging fintech adoption. Empirical evidence shows that perceived risk 
negatively affects behavioral intention, with users more likely to avoid adopting fintech platforms when they perceive 
high levels of risk [7], [27], [31], [32], [33]. These concerns can inhibit trust and reduce willingness to engage in fintech 
transactions. 

• H2 Perceived risk has a negative effect on behavioral intention to use fintech applications. 
• H6 Perceived risk has a negative direct effect on actual usage of fintech applications. 

2.6. Trust and Security 

Trust and security are two fundamental pillars in the adoption of fintech services. Trust reflects users’ belief in the 
service provider’s competence, integrity, and goodwill to protect their interests and fulfill service commitments [34], 
[35]. Meanwhile, security involves protecting systems and data from threats such as data breaches and transaction 
misuse, directly shaping users’ sense of safety [36], [37]. Trust cannot be established without robust security, as 
technical security forms the psychological foundation that reduces perceived risk. Studies show that poor security 
increases perceived risk, hinders adoption intention, and reduces user loyalty [38].  

Therefore, fintech providers must combine technological security innovations with user education to strengthen trust 
and accelerate service adoption. Several studies confirm that trust and perceived system security have a significant 
positive influence on users' behavioral intentions [28], [31], [32], [37], [39]. A high level of perceived trustworthiness 
not only reduces user hesitation but also enhances adoption willingness, particularly in high-risk environments such as 
fintech platforms. 



World Journal of Advanced Research and Reviews, 2025, 26(03), 2315-2326 

2318 

• H3 Trust and security have a positive effect on behavioral intention to use fintech applications. 
• H7 Trust and security have a positive direct effect on actual usage of fintech applications. 

2.7. Behavioral intention 

Behavioral intention refers to an individual's intention or willingness to use a technology-based service in the future, 
serving as a strong predictor of actual usage behavior. In the context of fintech, it reflects consumers' psychological 
readiness to adopt digital financial services such as e-wallets, online loans, or digital investments [5], [22]. This intention 
is shaped by perceptions of ease of use, perceived benefits, and trust in the system [7]. Behavioral intention is not just 
interest but a cognitive commitment to act. Therefore, understanding the determinants of this intention is crucial for 
fintech providers in designing effective adoption strategies. A strong intention often leads to more consistent and 
sustained actual usage behavior. Empirical research has shown that behavioral intention is a key predictor of usage 
behavior and often acts as a bridge that translates users’ attitudes and perceptions into action [7], [27], [31], [39]. Thus, 
understanding the mediating role of behavioral intention is essential for explaining how users transition from intention 
to actual technology use. 

• H4 Behavioral intention has a positive effect on actual usage of fintech applications. 
• H8 Behavioral intention mediates the relationship between social influence and actual usage. 
• H9 Behavioral intention mediates the relationship between perceived risk and actual usage. 
• H10 Behavioral intention mediates the relationship between trust and security and actual usage. 

2.8. Actual Usage 

Actual Usage refers to users' actual behavior in utilizing technology, particularly in fintech services, reflecting the 
realization of behavioral intention [40] It includes the frequency of transactions, types of services used, and duration of 
use [41]. Actual Usage is a crucial indicator of successful technology adoption as it demonstrates direct and sustained 
user engagement [8]. In the fintech context, high actual usage correlates with deeper technology acceptance and 
increased financial inclusion [8]. Consistent usage indicates that the system effectively meets user expectations in 
everyday practice. Therefore, measuring Actual Usage helps assess the effectiveness of implementation and the real 
impact of digital financial services [4]. 

3. Research Methods 

This study employed an explanatory quantitative approach to examine causal relationships between variables using 
inferential statistical analysis. This approach was chosen because it aligns with the study's objective of testing both 
direct and mediated effects among theoretically defined and quantitatively measured constructs [42]. The research 
design applies Structural Equation Modeling using Partial Least Squares (SEM-PLS) due to its capacity to analyze 
complex relationships among latent variables [16]. SEM-PLS is suitable for exploratory studies with relatively small 
sample sizes and non-normal data distributions [43]. The model includes three exogenous variables (social influence, 
perceived risk, and trust & security), one mediating variable (behavioral intention), and one endogenous variable 
(actual fintech usage). 

The primary data collection techniques were structured surveys and documentation studies. The survey was 
distributed online via Google Forms to qualified respondents and included standardized statements based on the 
theoretical constructs. Each question used a five-point Likert scale to measure respondents’ agreement levels [43]. 
Additionally, the documentation technique was used to collect secondary data from scholarly journals, official websites, 
books, and statistical reports relevant to the study's theoretical foundation and contextual analysis [44]. This approach 
enhanced external validity and enriched theoretical understanding. 

The target population of this study comprises active GoPay users residing in Surabaya. Surabaya was chosen as the 
research locus because it is a major digital economy hub in Indonesia, with high technology adoption and digital 
infrastructure [45]. The city's demographic diversity makes it an ideal setting to explore the behavioral dynamics of 
fintech usage. Thus, Surabaya offers a strategic context to examine the determinants of digital financial service adoption. 

The sample size of this study consisted of 150 respondents, determined based on statistical guidelines for SEM. 
According to [46], the minimum recommended sample for SEM-PLS is 100 or at least 5–10 times the number of 
indicators used in the model [46]. A sample size of 150 was deemed sufficient to test a moderately complex model and 
ensure accurate and valid parameter estimation. The sampling technique used was non-probability sampling, 
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particularly purposive sampling, as it involved specific respondent criteria, including being Surabaya residents and 
active GoPay users. 

4. Result 

The demographic characteristics of the respondents indicate a relatively balanced gender distribution, with males 
accounting for 51.33% and females 48.67% of the total sample. The majority of participants are within the 26–35 age 
group (46.00%), followed by those aged 36–45 (24.00%) and 18–25 (20.00%), while only a small portion are under 18 
(6.67%) or over 45 (3.33%). In terms of educational attainment, most respondents hold a second degree (66.00%), with 
22.00% holding a third (postgraduate) degree. Additionally, 10.67% have completed high school, and 1.33% possess a 
diploma or first degree.  

Regarding employment status, civil servants represent the largest group (39.33%), followed by self-employed 
individuals (23.33%), private sector employees (20.67%), students (12.00%), and homemakers (4.67%). These findings 
suggest that the sample is predominantly composed of well-educated, working-age individuals, with a strong 
representation from the public sector. 

Table 1 Responders’ Demographic Profile 

Demographic variable  Categorization Frequency  Percentage 

Gender Male 77 51.33 
 

Female 73 48.67 

Age Group <18  10 6.67 
 

18–25 30 20.00 
 

26–35  69 46.00 
 

36–45  36 24.00 
 

>45  5 3.33 

Education High School  16 10.67 
 

Diploma/First Degree 2 1.33 
 

Second Degree 99 66.00 
 

Third Degree 33 22.00 

Employment status Student 18 12.00 
 

Private Sector Employee 31 20.67 
 

Civil Servant 59 39.33 
 

Self Employed 35 23.33 

  Homemaker  7 4.67 

 
4.1. Evaluation of the Measurement Model 

Table 2 Convergent Validity and Reliability 

Variable Cronbach's alpha Composite reliability  Average variance extracted (AVE) 

Social Influence 0.898 0.922 0.664 

Perceived Risk 0.948 0.954 0.723 

Trust and Security 0.936 0.947 0.692 

Behavioral Intention 0.832 0.899 0.749 

Actual Usage 0.831 0.887 0.662 
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Based on the results of the reliability and convergent validity assessments, all constructs in the research model meet 
the criteria for high measurement quality. The Cronbach's Alpha values for all variables exceed 0.80, indicating strong 
internal consistency. In particular, Social Influence, Perceived Risk, and Trust and Security demonstrate alpha values 
above 0.90, reflecting excellent inter-item reliability.  

Moreover, the Composite Reliability (CR) values for all constructs are above 0.88, confirming that the items consistently 
represent the intended latent constructs. The Average Variance Extracted (AVE) values also surpass the recommended 
threshold of 0.50, providing evidence of adequate convergent validity. These results collectively confirm that all 
constructs are both valid and reliable, thus suitable for further structural equation modeling. 

Table 3 Discriminant Validity  

Variable Actual 
Usage 

Behavioral 
Intention 

Perceived 
Risk 

Social 
Influence 

Trust and 
Security 

Actual Usage 0.813         

Behavioral 
Intention 

0.518 0.865       

Perceived Risk -0.031 -0.263 0.85     
 

Social Influence 0.647 0.572 -0.104 0.815   

Trust and Security 0.468 0.425 -0.026 0.525 0.832 

Furthermore, discriminant validity is confirmed through the Fornell-Larcker criterion, as the square root of each 
construct’s AVE exceeds its correlations with other constructs. For example, the square root of AVE for Actual Usage 
(0.813) is higher than its correlations with Behavioral Intention (0.518) and Social Influence (0.647). Similar results are 
observed for Behavioral Intention (0.865), Perceived Risk (0.850), Social Influence (0.815), and Trust and Security 
(0.832). These findings indicate that each construct is empirically distinct, thus meeting the requirements for 
discriminant validity in the model.  

4.2. Evaluation of the Structural Model 

Table 4 Cofficient of Determination R2 

Variable R-square R-square adjusted 

Actual Usage 0.471 0.457 

Behavioral Intention 0.393 0.381 

R-square value for Actual Usage is 0.471, with an adjusted R-square of 0.457, indicating that the model explains 47.1% 
of the variance in actual usage behavior. Likewise, the R-square value for Behavioral Intention is 0.393, and the adjusted 
R-square is 0.381, suggesting that 39.3% of the variance in behavioral intention is accounted for by the model. These 
results reflect a moderate level of explanatory power, demonstrating that the model is sufficiently robust in predicting 
both intention and usage behavior. 

Table 5 Effect Size (F2) 

Variable  Actual Usage Behavioral Intention 

Actual Usage     

Behavioral Intention 0.055   

Perceived Risk 0.011 0.073 

Social Influence 0.229 0.245 

Trust and Security 0.024 0.039 
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Effect size results indicate that Social Influence is the strongest predictor, showing a medium effect on both Actual Usage 
and Behavioral Intention. In contrast, Behavioral Intention, Trust and Security, and Perceived Risk exhibit only small or 
minimal effects. 

Table 6 Predictive Relevance (Q2) 

Variable SSO SSE Q² (=1-SSE/SSO) 

Actual Usage 600 428.597 0.286 

Behavioral Intention 450 328.501 0.27 

Perceived Risk 1200 1200 0.00 

Social Influence 900 900 0.00 

Trust and Security 1200 1200 0.00 

The Q² values show that the model has moderate predictive relevance for Actual Usage (0.286) and Behavioral Intention 
(0.27). Meanwhile, Perceived Risk, Social Influence, and Trust and Security show no predictive relevance (Q² = 0.00). 

Table 7 Path Coefficients 

Variable  Path Koefisien T statistics  P values 

Social Influence → Behavioral Intention 0.456 3.393 0.001 

Perceived Risk → Behavioral Intention -0.211 3.057 0.002 

Trust and Security → Behavioral Intention 0.180 1.588 0.112 

Social Influence → Actual Usage 0.459 3.538 0.000 

Perceived Risk →Actual Usage 0.078 0.985 0.324 

Trust and Security → Actual Usage 0.136 1.406 0.160 

Behavioral Intention → Actual Usage 0.218 2.084 0.037 

Social Influence → Behavioral Intention → Actual Usage 0.099 1.741 0.082 

Perceived Risk → Behavioral Intention → Actual Usage -0.046 2.222 0.026 

Trust and Security → Behavioral Intention → Actual Usage 0.039 1.049 0.294 

 
The research findings indicate that behavioral intention has a significant effect on actual usage, with a p-value of 0.037 
(< 0.05), supporting UTAUT theories which state that behavioral intention is a key predictor of actual technology usage 
[3], [21]. This finding is also supported by [7], who emphasized that consumers’ intention to use mobile banking often 
translates into real usage behavior. 

Furthermore, perceived risk does not significantly affect actual usage, as indicated by a p-value of 0.324 (> 0.05), but it 
has a significant effect on behavioral intention (p = 0.002 < 0.05). This means that although perceived risk may not 
directly influence actual behavior, it does affect users’ intention, which in turn impacts actual usage. This result is 
consistent with [12], [47], who argued that uncertainty and security concerns can inhibit technology adoption intention. 

Additionally, social influence significantly affects both behavioral intention and actual usage (p = 0.001 and p = 0.000, 
respectively). These findings align with UTAUT and TPB, which assert that social norms and pressure from significant 
others can enhance both the intention and the actual use of technology [5], [21]. Studies by [8], [48] also confirm that 
social influence plays an important role in the adoption of fintech services. However, the mediation effect of social 
influence through behavioral intention on actual usage was found to be non-significant (p = 0.082), suggesting that 
while social norms can shape intention, they do not always result in actual usage behavior. 
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Figure 1 Moderation result from SmartPLS 

Meanwhile, trust and security do not have a significant effect on either behavioral intention or actual usage, with p-
values of 0.112 and 0.160, respectively (> 0.05). This implies that in the context of GoPay users in Surabaya, trust and 
security are not the primary determinants of technology use. These findings contrast with studies by [26], [35], which 
showed that trust and security were crucial in enhancing adoption. However, they are consistent with the argument by 
[4] that factors such as performance expectancy and effort expectancy may be more dominant. 

Finally, perceived risk has a significant negative mediation effect on actual usage through behavioral intention (p = 
0.026), reaffirming that increased perceived risk lowers behavioral intention, thereby reducing actual usage. In contrast, 
trust and security do not exhibit a significant mediating effect, and thus the related hypothesis is rejected (p = 0.294). 
In conclusion, the key factors influencing the adoption of fintech applications in this study are social influence, perceived 
risk (through intention), and behavioral intention, offering practical implications for marketing strategies and risk 
reduction in fintech services. 

5. Discussions 

The results of this study demonstrate that social influence significantly affects actual usage of fintech applications, 
aligning with the Unified Theory of Acceptance and Use of Technology (UTAUT) as proposed by [21]. According to 
UTAUT, social influence plays a critical role in shaping individual decisions to adopt and continue using a technology, 
especially within collectivist cultures. The strong impact of social norms and peer recommendations reinforces user 
behavior toward digital platforms. This finding supports prior research by [7], [26], which found similar results in the 
context of mobile banking and digital wallets. Therefore, social endorsement remains a central mechanism in driving 
fintech adoption. 

The study further confirms that perceived risk has a significant negative impact on behavioral intention and actual 
usage, consistent with findings from [12]. Risk perception especially regarding data security, privacy, and financial loss 
can deter users from engaging with digital financial services. These concerns are particularly relevant in financial 
transactions that lack physical interaction. Supporting this, [47] found that high perceived risk weakens users' trust and 
willingness to use fintech platforms. This implies that mitigating perceived risk through improved transparency and 
security features is essential to increase consumer adoption. 

Interestingly, trust and security were found not to significantly influence actual usage directly. Although these factors 
are theoretically essential, especially in early stages of adoption, their influence may be mediated by other variables 
such as ease of use and perceived usefulness. Previous studies by [38][36] show that while trust and security affect 



World Journal of Advanced Research and Reviews, 2025, 26(03), 2315-2326 

2323 

initial intention, other practical factors often play a more prominent role in actual usage. This suggests that trust and 
security are necessary but not sufficient conditions for sustained fintech use. 

The relationship between behavioral intention and actual usage is strongly supported, aligning with both UTAUT [21]. 
Higher behavioral intention directly translates to increased use of fintech services. Factors such as perceived ease of 
use, usefulness, and social influence contribute to building strong behavioral intentions. Studies by [6], [49]confirm that 
trust enhances behavioral intention, which subsequently leads to greater actual usage, particularly in technology-
mediated financial services. 

The study also confirms the mediating role of behavioral intention in the relationship between perceived risk and actual 
usage. This finding supports theories such as TPB and UTAUT, which position behavioral intention as a proximal 
predictor of technology use. When users perceive higher risk, their behavioral intention declines, thereby reducing 
actual usage. Reference [8], [47] emphasize that reducing perceived risk is crucial for enhancing intention, which in turn 
fosters usage behavior. This validates the importance of addressing user concerns early in the adoption cycle. 

However, the mediating effect of behavioral intention between trust and security and actual usage was found to be 
insignificant. This could suggest that in certain contexts, trust and security do not substantially influence usage unless 
paired with other motivational factors. As emphasized by [35], user decisions in digital environments are often driven 
more by performance and convenience than by perceived trust alone. Therefore, strategies to promote fintech adoption 
should not only focus on trust-building but also enhance perceived value and usability to ensure actual engagement 
with the platform. 

6. Conclusion 

This study investigated the influence of social influence, perceived risk, and trust, and security on the use of fintech 
applications, with behavioral intention acting as a mediating variable. The results confirm that social influence 
significantly impacts fintech usage, particularly among GoPay users in Surabaya. This supports UTAUT theory, which 
highlights the role of social norms in technology adoption, peer recommendations and societal pressures contribute 
meaningfully to shaping behavioral patterns in digital finance. 

Perceived risk also plays a substantial role, with findings showing it negatively affects both behavioral intention and 
actual usage. Consistent with studies by Featherman that risk perceptions related to data security, privacy, and financial 
safety deter users from engaging with fintech services. Addressing these concerns is essential for increasing adoption, 
especially in regions where digital literacy and trust remain critical barriers. 

In contrast, trust and security did not significantly affect actual usage in this study. Although important in theory, these 
factors may exert more influence in the early stages of adoption or in more complex fintech platforms. As shown by 
previous research, users may prioritize practical benefits such as convenience and efficiency over perceived security, 
especially in daily-use applications like GoPay. 

Furthermore, the study highlights the mediating role of behavioral intention in connecting the independent variables 
to actual usage. Behavioral intention remains a crucial predictor, reinforcing the core of the UTAUT and TAM 
frameworks. When social influence is strong and risk perception is low, users are more likely to form a strong intention, 
which leads to consistent technology usage. 

Ultimately, the findings emphasize that while trust, security, and social factors are important, they must be strategically 
integrated with usability enhancements to effectively drive fintech adoption. Future research could explore contextual 
factors such as user experience and cultural variables to further clarify how fintech behaviors evolve across diverse 
user segments. 
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