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Abstract 

Artificial Intelligence (AI) is increasingly recognized as a powerful tool for addressing the challenges of climate change. 
Its ability to process vast amounts of data and generate advanced predictive models positions AI as a key player in 
efforts to reduce greenhouse gas (GHG) emissions and develop sustainable solutions. This review delves into the 
multifaceted role of AI in climate change mitigation, highlighting its potential in several critical areas. Firstly, AI is 
revolutionizing predictive climate modeling by providing more accurate forecasts and simulations, enabling better-
informed policy and decision-making. Secondly, it is optimizing energy systems through smart grid management, 
demand forecasting, and the integration of renewable energy sources, thereby enhancing energy efficiency and reducing 
reliance on fossil fuels. Furthermore, AI is advancing carbon capture and storage technologies by improving the 
identification of optimal sites and enhancing process efficiency. In environmental monitoring, AI-driven solutions are 
enabling real-time detection and analysis of environmental data, contributing to more effective conservation efforts. 
This review also presents case studies and data that demonstrate the tangible impact of AI applications in driving 
progress towards global emission reduction targets. However, the adoption of AI in this domain is not without 
challenges. Issues such as data privacy, algorithmic transparency, and the ethical implications of AI deployment need to 
be carefully addressed. The paper concludes by outlining future research directions and emphasizing the need for 
interdisciplinary collaboration to fully harness the potential of AI in combating climate change.  
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1. Introduction

The rate at which the earth is change is unprecedented. Climate change represents one of the most pressing global 
challenges of the 21st century, with greenhouse gas (GHG) emissions being the primary driver. [1] As efforts intensify 
to limit global warming, Artificial Intelligence (AI) has become a key enabler in reducing emissions and facilitating 
sustainable solutions [2]. AI technologies, particularly through predictive modeling and big data analysis, offer 
innovative pathways for improving the efficiency of energy systems, optimizing industrial processes, and enhancing 
environmental management practices [3]. 
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This paper reviews the role of AI in climate change mitigation, examining how predictive modeling and data-driven 
solutions are being applied to reduce GHG emissions. We focus on AI's ability to forecast climate impacts, optimize 
renewable energy systems, enhance carbon capture, and facilitate data-driven policies aimed at emission reduction. 

 

Figure 1 An overview of the framework for recording data to data storage, analysis, modelling and finally results 
communication to the appropriate authorities [4] 

2. AI-Powered Predictive Climate Modeling 

2.1. Machine Learning in Climate Predictions 

Machine learning (ML) has revolutionized climate modeling by allowing the analysis of vast datasets, enabling more 
accurate predictions of future climate scenarios [5]. Traditional climate models rely on physics-based simulations that 
require intensive computational resources and often suffer from uncertainties due to the complexity of atmospheric 
and oceanic systems. AI, especially ML, offers a complementary approach by learning patterns from historical climate 
data, improving the accuracy and precision of predictions [6]. 

For instance, convolutional neural networks (CNNs) and recurrent neural networks (RNNs) have been used to predict 
extreme weather events like hurricanes and floods, providing better early-warning systems for communities and 
governments. Such predictive capabilities help policymakers plan mitigation strategies and resource allocation [7, 8]. 

2.2. AI Models for Long-Term Climate Projections 

Long-term climate projections are essential for understanding the potential impacts of GHG emissions on global 
temperatures, sea level rise, and ecosystem shifts [9]. AI-driven models have been used to improve the granularity and 
reliability of such projections by integrating data from multiple sources, including satellite imagery, ocean buoys, and 
historical climate records [4, 10, 11]. 
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 Case Study: In a 2022 study, a deep learning-based climate model outperformed traditional models in 
predicting temperature anomalies across North America over a 50-year horizon. The AI model reduced the 
uncertainty margin by 20%, which is crucial for making informed policy decisions on emission reductions [12]. 

3. AI in Optimizing Energy Systems 

3.1. Renewable Energy Optimization 

Renewable energy sources like solar, wind, and hydropower play a critical role in reducing GHG emissions. However, 
the intermittent nature of these energy sources poses challenges for consistent supply [13]. AI can optimize energy 
production and distribution by forecasting energy demand and supply, thereby improving the efficiency of renewable 
energy grids [14]. 

Machine learning algorithms are employed to predict wind speeds, solar radiation, and energy demand patterns, 
enabling more efficient integration of renewable energy into the grid. Additionally, AI-driven energy management 
systems can dynamically adjust energy storage and distribution to minimize waste and reduce reliance on fossil fuel 
backups [15]. 

 Survey Data: In a survey conducted with 100 energy system operators in Europe, 85% reported significant 
improvements in grid stability and reduced reliance on fossil fuels after integrating AI-based energy 
management systems [16]. 

3.2. Reducing Energy Consumption in Industrial Processes 

Industries account for a significant portion of global GHG emissions, particularly in energy-intensive sectors such as 
manufacturing, mining, and transportation. [17] AI technologies can be employed to optimize industrial processes by 
reducing energy consumption and improving efficiency. AI-powered systems can monitor real-time energy usage, 
identify inefficiencies, and suggest process adjustments that lower energy demand and emissions. 

 Example: Siemens has implemented an AI-driven energy management system that reduced energy 
consumption in its factories by 10%, resulting in a corresponding reduction in carbon emissions [18]. 

4. AI-Enhanced Carbon Capture and Sequestration (CCS) 

4.1. AI for Carbon Capture Technologies 

Carbon Capture and Sequestration (CCS) is a crucial technology in mitigating climate change by capturing CO₂ emissions 
from industrial processes and power plants before they reach the atmosphere [19-20]. AI is being used to improve the 
efficiency of CCS technologies by optimizing the capture process, reducing energy consumption, and identifying optimal 
geological storage sites for long-term CO₂ sequestration. 

AI algorithms analyze real-time data from carbon capture facilities, predicting equipment maintenance needs and 
optimizing chemical processes to enhance capture efficiency [21]. These algorithms also identify cost-effective methods 
for retrofitting existing power plants with CCS technology. 

 Case Study: A 2021 study demonstrated that AI-powered CCS systems could capture up to 95% of CO₂ 
emissions from coal-fired power plants, significantly reducing the carbon footprint of these plants [22]. 

4.2. Monitoring and Verification of CO₂ Sequestration 

Once CO₂ is captured and stored underground, monitoring its behavior is critical to ensure it remains safely sequestered 
[23]. AI-driven monitoring systems use data from sensors and seismic imaging to track CO₂ movement in storage 
reservoirs, ensuring the gas does not leak back into the atmosphere. AI’s ability to process vast amounts of data enables 
real-time monitoring, improving the safety and reliability of long-term carbon storage [24]. 
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5. Data-Driven Solutions for Emission Reduction 

5.1. AI for Emission Tracking and Reporting 

One of the critical challenges in global climate agreements, such as the Paris Agreement, is tracking and reporting 
emissions across different sectors and regions [25]. AI is playing an essential role in automating emission tracking 
systems by processing large datasets from various industries and national governments. AI-driven tools can aggregate 
data from sensors, satellite imagery, and industrial reports to provide accurate and real-time emissions data, enabling 
governments to monitor their progress in meeting climate targets [26]. 

For instance, AI systems used by the Carbon Monitor initiative are capable of tracking CO₂ emissions in near real-time 
across major economic sectors, providing crucial data for global emission reduction efforts [27]. 

5.2. Optimizing Transportation for Reduced Emissions 

Transportation accounts for nearly 25% of global CO₂ emissions, and AI is being used to mitigate this through smarter 
logistics, vehicle route optimization, and the promotion of electric vehicles (EVs) [28]. AI algorithms help optimize 
traffic flow, reduce congestion, and decrease fuel consumption by analyzing real-time traffic data and providing optimal 
route suggestions. Moreover, AI is helping accelerate the transition to EVs by improving battery efficiency, predicting 
energy consumption, and optimizing EV charging infrastructure. 

 Data: A study showed that AI-based traffic optimization systems implemented in major European cities 
reduced vehicle emissions by 12% and decreased average travel times by 15% [29]. 

6. Results and Discussion 

6.1. Data from AI Applications in Climate Change Mitigation 

The data gathered from various studies and real-world implementations of AI systems in climate change mitigation 
present promising results. AI-driven climate models have shown a 20% improvement in predicting long-term climate 
anomalies, providing a more reliable foundation for policymaking [30] Additionally, AI-optimized renewable energy 
systems have demonstrated significant improvements in grid stability and energy efficiency, with grid operators 
reporting up to a 15% reduction in energy waste due to AI interventions [16].  

The application of AI in carbon capture technologies has been particularly impactful, with AI-powered systems 
achieving a CO₂ capture rate of up to 95% from fossil fuel power plants [22]. This efficiency is a substantial improvement 
over traditional CCS systems, which typically capture only 85–90% of emissions. These advancements make AI an 
indispensable tool in reducing GHG emissions from energy-intensive sectors. 

6.2. Limitations and Challenges 

Despite its potential, the integration of AI into climate change mitigation strategies faces several challenges. One of the 
primary concerns is the energy consumption of AI systems themselves. Training large AI models requires significant 
computational power, which can lead to increased energy demand. While AI contributes to reducing emissions in 
various sectors, it is essential to ensure that AI technologies are developed and deployed in an energy-efficient manner. 

Another limitation is the availability and quality of data. For AI systems to function effectively, they require vast amounts 
of accurate and high-resolution data. In many regions, especially in developing countries, such data is either scarce or 
unavailable, limiting the applicability of AI solutions for emission reduction. 

Finally, ethical concerns surrounding AI decision-making must be addressed, particularly in the context of 
environmental justice. AI systems, if not designed with care, could exacerbate inequalities, with the benefits of AI-driven 
climate solutions disproportionately favoring wealthier nations or industries while leaving vulnerable populations at 
risk. 
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7. Challenges and Future Directions 

To fully harness the power of AI in climate change mitigation, several challenges need to be addressed: 

 Data Availability: Increasing the accessibility of high-quality environmental and industrial data is essential for 
the success of AI systems in tracking and reducing emissions. 

 Energy Efficiency of AI: AI development needs to focus on minimizing its own carbon footprint. This can be 
achieved by exploring more energy-efficient algorithms and investing in renewable energy sources for AI 
computation. 

 Ethical AI Development: AI solutions must be designed with fairness and inclusivity in mind to ensure that all 
communities benefit from climate change mitigation efforts. 

 Policy Support: Governments need to develop clear regulatory frameworks to support the integration of AI in 
climate change strategies, ensuring transparency, accountability, and data security. 

7.1. Future Research Directions 

 Exploring the potential of quantum computing in enhancing AI's ability to model complex climate systems and 
reduce computational energy consumption. 

 Investigating the use of AI in nature-based climate solutions, such as reforestation and sustainable land use 
practices, to further reduce GHG emissions. 

 Developing AI systems that are adaptive to low-data environments, making them more applicable in regions 
with limited data availability  

8. Conclusion 

Artificial Intelligence is playing an increasingly critical role in global efforts to mitigate climate change by offering 
predictive modeling, optimizing energy systems, enhancing carbon capture technologies, and facilitating data-driven 
policy decisions. The application of AI has already demonstrated tangible benefits in reducing GHG emissions across 
various sectors, from renewable energy to industrial processes and transportation. 

However, to maximize AI's potential in combating climate change, addressing challenges related to data availability, 
energy efficiency, and ethical deployment will be key. With continued investment in AI research and development, along 
with supportive policies and international collaboration, AI can become a cornerstone technology in achieving a 
sustainable and low-carbon future.  
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