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Abstract

The increasing demand for precision agriculture has driven the adoption of advanced monitoring technologies that
enhance farm management and resource utilization. Among these, solar-powered embedded systems have emerged as
a sustainable and efficient solution for remote farm monitoring. These systems integrate renewable energy sources with
IoT-based sensors and wireless communication technologies to facilitate real-time data collection, transmission, and
analysis. This paper explores the architecture and implementation of solar-powered embedded systems for agricultural
monitoring, focusing on key components such as solar energy harvesting units, embedded microcontrollers, sensor
networks, and data communication protocols. The integration of various environmental and soil health sensors,
including temperature, humidity, moisture, pH, and nutrient detection, enables precise and continuous monitoring of
critical agricultural parameters. Additionally, wireless communication technologies such as LoRa, Zigbee, and cellular
networks ensure seamless data transmission to cloud-based platforms, enabling remote access and decision-making for
farmers. Experimental results highlight significant improvements in energy efficiency, data accuracy, and operational
scalability compared to traditional monitoring methods. The system's ability to operate autonomously in remote and
off-grid locations, coupled with optimized power consumption strategies, ensures long-term sustainability and
reliability. Furthermore, the study discusses future advancements in Al-driven predictive analytics, energy optimization
strategies, and the potential integration of edge computing for real-time processing. These developments are expected
to enhance automation, improve resource management, and drive smarter decision-making in precision agriculture. By
leveraging renewable energy and intelligent embedded technologies, solar-powered monitoring systems represent a
transformative step toward sustainable and data-driven agricultural practices. The findings of this research contribute
to the broader adoption of smart farming solutions, addressing challenges related to energy constraints, environmental
monitoring, and agricultural productivity.

Keywords: Solar-powered embedded systems; Precision agriculture; lot-based farm monitoring; Renewable energy;
Real-time data collection; Wireless communication; Predictive maintenance

1. Introduction

Agriculture plays a fundamental role in ensuring global food security, with increasing demand driven by population
growth, climate change, and resource limitations. To meet these challenges, modern agriculture requires technology-
driven solutions that enhance productivity, optimize resource utilization, and ensure sustainability. Traditional farm
monitoring methods, which rely heavily on manual labor and periodic sampling, often lead to inefficiencies, delays in
decision-making, and excessive energy consumption. As a result, innovative approaches leveraging renewable energy
and real-time data analytics are crucial for transforming agricultural practices.

Conventional agricultural monitoring methods involve manual inspections, periodic soil sampling, and visual crop
health assessments, all of which are time-consuming and labor-intensive. Furthermore, these methods often fail to

* Corresponding author: Guruswamy T.B.

Copyright © 2022 Author(s) retain the copyright of this article. This article is published under the terms of the Creative Commons Attribution Liscense 4.0.


http://creativecommons.org/licenses/by/4.0/deed.en_US
https://wjarr.com/
https://doi.org/10.30574/wjarr.2022.15.2.0845
https://crossmark.crossref.org/dialog/?doi=10.30574/wjarr.2022.15.2.0845&domain=pdf

World Journal of Advanced Research and Reviews, 2022, 15(02), 808-816

provide real-time insights, making it difficult for farmers to respond promptly to changing environmental conditions.
The reliance on fossil fuel-powered equipment and grid electricity for farm operations also raises concerns about energy
sustainability, especially in remote or off-grid locations where reliable power sources are scarce. These challenges
necessitate the development of autonomous, energy-efficient solutions capable of continuous and precise farm
monitoring.

Solar-powered embedded systems offer a promising solution by integrating renewable energy with Internet of Things
(IoT)-based monitoring technologies. These systems consist of solar panels for energy harvesting, embedded
microcontrollers for data processing, and wireless communication modules for seamless data transmission. By
harnessing solar energy, these systems can operate autonomously in remote agricultural fields, eliminating the
dependence on conventional power sources. The combination of low-power embedded devices and energy-efficient
sensors ensures extended operational lifespan and minimal maintenance requirements, making them an ideal solution
for precision agriculture [1].

The architecture of a solar-powered embedded monitoring system includes several essential components. The power
subsystem comprises solar panels, charge controllers, and battery storage to ensure uninterrupted operation. The
sensing unit integrates various loT-enabled sensors for measuring soil moisture, temperature, humidity, pH levels, and
crop health parameters. A microcontroller or microprocessor, such as an Arduino or Raspberry Pi, acts as the processing
unit, aggregating sensor data and executing control algorithms. Wireless communication technologies, including LoRa,
Zigbee, Wi-Fi, or cellular networks, facilitate real-time data transmission to cloud-based platforms, where analytical
models generate actionable insights.
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Figure 1 Solar-powered embedded systems for remote farm monitoring

Deploying a solar-powered embedded farm monitoring system involves strategic placement of sensors across
agricultural fields to ensure comprehensive coverage of soil and environmental conditions. Calibration and
synchronization of sensors are crucial to maintaining data accuracy and reliability. The system's firmware is designed
to optimize energy consumption through low-power operation modes and adaptive data sampling techniques.
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Furthermore, cloud-based integration enables farmers to access real-time data via mobile applications or web
dashboards, providing instant notifications and decision-support tools for efficient farm management [2].

Performance evaluation of solar-powered embedded monitoring systems has demonstrated significant improvements
in energy efficiency, data accuracy, and operational scalability. Compared to traditional methods, these systems offer
continuous and real-time monitoring, reducing the risk of crop failures and resource wastage. Studies indicate that
precision irrigation enabled by real-time soil moisture data can enhance water use efficiency by up to 30%, leading to
more sustainable agricultural practices. Additionally, early detection of pest infestations and nutrient deficiencies
through automated monitoring minimizes chemical usage and improves overall crop yield.The future of solar-powered
embedded systems in agriculture lies in the integration of artificial intelligence (Al) and advanced analytics. Al-driven
predictive models can analyze historical and real-time data to forecast weather patterns, pest outbreaks, and soil health
trends. Machine learning algorithms can optimize irrigation schedules, automate fertilization processes, and detect
anomalies in crop growth. Furthermore, energy optimization strategies such as dynamic power management and
adaptive sensor activation can further enhance the system’s efficiency and sustainability. The adoption of edge
computing technologies will also enable real-time decision-making without relying solely on cloud infrastructure. Solar-
powered embedded systems represent a transformative step toward sustainable and data-driven precision agriculture.
By integrating renewable energy, loT-based monitoring, and intelligent analytics, these systems provide farmers with
valuable insights to optimize resource utilization, enhance productivity, and reduce environmental impact. As
technology advances, further innovations in Al, sensor technology, and energy management will continue to drive the
adoption of smart agricultural solutions. This research contributes to the broader understanding of solar-powered farm
monitoring and paves the way for future developments that will shape the future of sustainable agriculture.

2. System Architecture of Solar-Powered Embedded Farm Monitoring System

The proposed solar-powered embedded system for precision agriculture consists of three main components: the Solar
Power Unit, the Embedded Control Unit, and the Sensor and Communication Module. These components work together
to ensure continuous real-time monitoring of environmental and soil conditions while optimizing power consumption
and data transmission.

2.1. Solar Power Unit

The solar power unit serves as the primary energy source for the system, providing sustainable and uninterrupted
operation, especially in remote agricultural fields where grid electricity may be unavailable.

e Photovoltaic Panels: The system utilizes 50W polycrystalline solar panels to harvest solar energy, which is then
converted into electrical power to drive the embedded system and charge backup batteries.

e Charge Controller: A charge controller is integrated to regulate power flow, prevent overcharging, and ensure
efficient battery utilization.

e Battery Backup: A 12V lithium-ion (Li-ion) battery is used to store excess energy generated during the day,
ensuring continued operation during nighttime or cloudy conditions.

This power setup ensures that the farm monitoring system remains functional 24/7 with minimal external power
requirements.

2.2. Embedded Control Unit

The embedded control unit is responsible for processing sensor data, managing system operations, and facilitating
wireless communication.

e Microcontroller: The system employs a Raspberry Pi 4, which provides a powerful yet energy-efficient
computing platform capable of handling multiple sensor inputs and executing real-time data processing
algorithms.

e Firmware and Data Processing: The microcontroller runs custom firmware designed to optimize power
consumption by enabling adaptive sampling rates and low-power operation modes when sensor readings
remain stable.

e Communication Management: The control unit processes collected data and transmits it to remote servers or
cloud platforms using wireless communication modules.
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The microcontroller’s computational capabilities allow it to support advanced data analytics, automate decision-
making, and integrate with cloud-based agricultural platforms for remote monitoring.

2.3. Sensor and Communication Module

The sensor and communication module forms the core of the monitoring system, enabling real-time collection of critical
environmental parameters and seamless data transmission to farmers or agricultural management platforms.

2.4. IoT-Based Sensor Network

The system includes various IoT sensors for continuous monitoring of key agricultural parameters:

e Soil Moisture Sensor: Measures water content in the soil, helping optimize irrigation schedules and prevent
over- or under-watering.

e Temperature Sensor: Monitors ambient temperature, providing insights into weather conditions that affect
crop growth.

e Humidity Sensor: Tracks air humidity levels, which influence plant transpiration and disease risk.

e Additional Sensors: The system can be extended with pH sensors, light intensity sensors, and CO, sensors to
provide more comprehensive monitoring.

2.5. Wireless Communication Technologies

The collected data is transmitted wirelessly using different communication protocols, depending on the system’s
deployment location and connectivity requirements:

e  Wi-Fi: Suitable for areas with stable internet access, enabling high-speed data transmission.

o LoRa (Long Range): An energy-efficient, long-range wireless protocol ideal for remote farm areas with limited
network coverage.

e GSM (Global System for Mobile Communications): Ensures connectivity in regions where cellular networks are
available, allowing data to be transmitted over mobile networks.

By integrating multiple communication options, the system provides flexibility, ensuring reliable data transmission
regardless of geographical constraints.

Table 1 Hardware Components Used in the System

Component Specification

Microcontroller | Raspberry Pi 4

Solar Panel 50W Polycrystalline

Battery 12V Li-ion

Sensor Module | Soil Moisture, Temperature, Humidity

Communication | LoRa/GSM/Wi-Fi

The proposed solar-powered embedded system provides an efficient, autonomous, and sustainable solution for
precision agriculture. By leveraging renewable energy, loT-enabled sensors, and adaptive communication technologies,
the system ensures real-time monitoring of essential agricultural parameters while optimizing energy consumption.
This modular architecture allows scalability and customization based on farm-specific requirements, paving the way
for smart, data-driven agricultural practices. Future enhancements, including Al-driven analytics and edge computing
integration, will further improve decision-making and operational efficiency in agricultural monitoring systems [3].

3. Methodology for Deploying a Solar-Powered Embedded System in Precision Agriculture

The methodology for implementing the solar-powered embedded farm monitoring system involves hardware
deployment, sensor data acquisition, real-time processing, cloud integration, machine learning-based predictive
analysis, and energy optimization strategies. The system is designed to operate autonomously in remote agricultural
fields, ensuring continuous environmental monitoring, efficient resource utilization, and sustainable operation.
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3.1. System Deployment and Field Setup

The system is installed in a remote agricultural field where continuous monitoring of environmental and soil conditions
is required. The deployment process involves:

e Sensor Placement: IoT-enabled sensors, including soil moisture, temperature, humidity, and additional
environmental sensors, are strategically positioned across the field to ensure comprehensive data collection.
The placement is optimized to cover variations in soil composition, crop type, and microclimatic conditions.

e Solar Power Setup: A 50W polycrystalline solar panel is mounted in an optimal position to maximize sunlight
exposure. The panel is connected to a 12V Li-ion battery and a charge controller to regulate power supply.

e Embedded Unit Installation: The Raspberry Pi 4 microcontroller is housed in a weatherproof enclosure and
positioned near the sensors. It serves as the central processing hub, collecting, processing, and transmitting
data.

o  Wireless Communication Setup: The system is integrated with LoRa, GSM, or Wi-Fi modules to ensure reliable
data transmission to the cloud, depending on network availability in the deployment area.

3.2. Real-Time Sensor Data Collection and Processing

The sensor network continuously monitors environmental parameters and transmits the data to the embedded unit for
real-time processing. The workflow includes:

Data Acquisition: Sensors measure key agricultural parameters such as:

Soil moisture levels to determine water content and irrigation needs.

Temperature and humidity to assess climatic conditions affecting crop growth.

Additional sensors (pH, light intensity, CO;) can be added based on specific agricultural needs.

Preprocessing and Filtering: The raw sensor data is filtered using noise reduction techniques (e.g., moving
average filters) to remove inconsistencies and improve accuracy.

Local Data Processing: The Raspberry Pi 4 processes the filtered data, extracting useful insights and formatting
it for transmission.

e Data Transmission: The processed data is sent to a cloud-based platform using LoRa (for long-range, low-power
communication), GSM (for cellular connectivity), or Wi-Fi (for high-speed transmission in connected areas).
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3.3. Cloud-Based Data Storage and Visualization

Once the sensor data is transmitted, it is stored in a cloud-based platform for real-time monitoring and analysis. The
cloud infrastructure includes:

o Database Storage: The received data is structured and stored in an online database (e.g., Firebase, AWS, or
Google Cloud).

e Visualization Dashboard: A user-friendly web or mobile dashboard is developed to display real-time
environmental conditions, historical trends, and predictive analytics. Farmers can access data remotely and
receive alerts about critical changes in farm conditions.

e Remote Monitoring & Alerts: The system sends automated notifications (via SMS, email, or app alerts) when
conditions require immediate attention, such as low soil moisture levels indicating the need for irrigation[4].

3.4. Machine Learning-Based Predictive Irrigation Scheduling

To optimize water usage and improve crop health, a machine learning (ML) algorithm is implemented to predict optimal
irrigation schedules based on historical and real-time sensor data. The predictive analysis follows these steps:

e Data Collection & Training: A dataset containing past soil moisture levels, weather conditions, and irrigation
patterns is used to train the ML model.

e Algorithm Selection: A supervised learning algorithm, such as Random Forest, Decision Tree, or LSTM (Long
Short-Term Memory) neural networks, is used to predict when irrigation is required.

e Feature Engineering: Key features such as soil type, crop type, weather forecasts, and past irrigation patterns
are extracted for model training.

e Real-Time Prediction: As new sensor data arrives, the trained model predicts the optimal irrigation schedule,
minimizing water wastage while ensuring adequate moisture for plant growth.

e Automated Control (Optional): The system can be integrated with automated irrigation systems to trigger
watering only when required, further improving efficiency and sustainability.
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3.5. Energy Consumption Optimization

Since the system operates on solar power, energy efficiency is critical for maintaining continuous operation in off-grid
locations. Several optimization strategies are implemented:

e Duty Cycling: Sensors and communication modules operate in periodic intervals rather than continuously,
reducing power consumption without compromising data accuracy.

e Sleep Modes: The microcontroller enters low-power sleep mode during idle periods, consuming minimal
energy when no processing is required.

e Adaptive Sampling: The system dynamically adjusts data collection frequency based on environmental changes.
For example, during stable conditions, sensor readings are taken less frequently, while rapid changes trigger
more frequent sampling.

e Efficient Communication Protocols: LoRa and GSM modules are optimized to transmit data in bursts rather than
maintaining continuous connectivity, reducing transmission energy costs.

3.6. System Validation and Performance Evaluation

To assess system effectiveness, experimental testing is conducted in different agricultural environments:

e Accuracy Evaluation: Sensor readings are compared with ground truth measurements to validate data
precision.

e Power Consumption Analysis: The energy usage of each module (microcontroller, sensors, communication
unit) is monitored to ensure maximum efficiency.

e Predictive Model Performance: The ML-based irrigation schedule is tested against manual irrigation to measure
water savings and crop yield improvements.

e  Scalability Testing: The system is tested on small and large farms to evaluate performance under different field
conditions.

Results indicate that solar-powered embedded systems significantly reduce energy costs, enhance data accuracy, and
optimize irrigation, contributing to sustainable precision agriculture.

The proposed methodology demonstrates the successful integration of solar power, loT-based sensors, cloud
computing, and machine learning to enable real-time agricultural monitoring and predictive irrigation management. By
implementing energy optimization strategies such as duty cycling and adaptive sampling, the system ensures long-term
operation in remote locations without external power sources. Future enhancements could incorporate edge computing
for faster decision-making, Al-driven anomaly detection, and drone-based data collection for improved field coverage.
This approach presents a scalable, cost-effective, and sustainable solution for modern precision agriculture.

4. Experimental Results and Discussion

To assess the effectiveness of the proposed solar-powered embedded farm monitoring system, extensive field tests were
conducted over a six-month period in a remote agricultural setting. The performance evaluation focused on key metrics
such as data transmission reliability, sensor accuracy, power consumption, and battery backup duration. These factors
were compared with traditional wired monitoring systems and battery-powered IoT solutions to determine
improvements in energy efficiency, sustainability, and real-time data accuracy [5].

4.1. Data Transmission Reliability

One of the critical performance parameters evaluated was data transmission rate, which determines how effectively
sensor readings are communicated to the cloud platform. The field tests demonstrated a data transmission success rate
of 95%, indicating high reliability in remote monitoring conditions. The use of LoRa and GSM communication modules
ensured minimal packet loss, even in low-connectivity environments.

e Traditional wired monitoring systems require a stable infrastructure and are prone to data losses due to
physical wear and tear of cables.

e Battery-powered IoT systems provide better flexibility but often suffer from connectivity disruptions due to
limited battery life.

e The proposed solar-powered embedded system maintained stable connectivity due to continuous energy
availability from the solar panel.
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4.2. Sensor Accuracy and Data Precision

The accuracy of the IoT-based soil moisture, temperature, and humidity sensors was validated against calibrated
laboratory instruments. Results showed a #2% deviation, ensuring reliable data collection for precision agriculture
applications.

e Soil moisture sensors showed a strong correlation with manual soil testing, demonstrating the system’s ability
to detect irrigation needs accurately.

e Temperature and humidity sensors provided real-time climate data, aiding in crop disease prevention and
optimized resource planning.

e The low margin of error (+2%) suggests that the system is suitable for automated irrigation and adaptive
fertilization applications.

4.3. Power Consumption Analysis

One of the primary advantages of the solar-powered system is its low power consumption, which was measured at 3.2W
during active operation. Compared to alternative monitoring solutions, this system demonstrated significant energy
savings, as shown in Table 2 and Bar Chart 1 below:

Table 2 Experimental Results

Parameter Value

Data Transmission Rate | 95%

Sensor Accuracy 2%
Power Consumption 3.2W
Battery Backup 48 hours

. Power Consumption in Different Monitoring Systems

10

10}

W)

Power Consumption (

Traditional Wired Battery-Powered loT Solar-Powered Embedded
Monitoring System

Figure 2 Power Consumption in Different Monitoring Systems

The following bar chart illustrates the power consumption comparison between traditional wired, battery-powered loT,
and the proposed solar-powered embedded system:

e Traditional wired systems require 10W of power due to constant wired connectivity and high maintenance
energy costs.

e Battery-powered IoT monitoring systems consume 6W, needing frequent battery replacements or recharging.

e The solar-powered embedded system operates at just 3.2W, ensuring maximum energy efficiency and
sustainability.
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4.4. Battery Backup and Energy Efficiency

Energy autonomy is crucial for remote agricultural applications, where uninterrupted operation is required. The field
tests revealed that:

e The solar-powered embedded system maintained a battery backup of 48 hours, ensuring continuous operation
during nighttime or cloudy conditions.

e Adaptive power management strategies, such as duty cycling and sleep mode activation, significantly reduced
energy wastage.

e Battery-powered loT systems, in contrast, required frequent recharging and had limited operational continuity
in the absence of sunlight.

The results confirm that the solar-powered embedded system provides a highly sustainable solution for precision
agriculture, reducing dependency on external power sources while enhancing long-term operational reliability.

4.5. Comparative Performance Analysis

The experimental findings demonstrate several advantages of the solar-powered embedded system over conventional
methods

Table 3 Comparative Performance Analysis of solar-powered embedded system over conventional methods

Feature Traditional Wired | Battery-Powered IoT Solar-Powered Embedded
System System

Power Consumption | 10W 6w 3.2W

(W)

Data  Transmission | 85% 90% 95%

Rate

Battery Backup Not applicable 24 hours 48 hours

Maintenance High (cable failures) | Moderate (battery | Low (solar-powered)

replacements)
Sustainability Low Medium High

The solar-powered embedded system outperforms other monitoring solutions in power efficiency, sustainability, and
reliability, making it a viable option for large-scale deployment in smart agriculture.

4.6. Future Improvements and Optimization Strategies

Although the system performed well under experimental conditions, future research will focus on:

e Integrating Al-driven anomaly detection to enhance precision in sensor-based decision-making.

e Optimizing solar panel efficiency using maximum power point tracking (MPPT) algorithms for better energy
harvesting.

e Expanding network scalability with multi-node sensor deployment to improve coverage and monitoring
accuracy.

e Enhancing edge computing capabilities to process data locally and reduce reliance on cloud transmission,
further lowering power consumption.

The solar-powered embedded farm monitoring system demonstrated significant improvements in data reliability,
energy efficiency, and real-time agricultural monitoring. With 95% data transmission accuracy, +2% sensor precision,
and a 48-hour battery backup, the system ensures sustainable farm management with minimal energy costs. The
experimental results validate that solar energy integration in IoT-based agriculture can drive precision farming
advancements, enhancing productivity and resource efficiency.
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5. Conclusion and Future Work

Solar-powered embedded systems offer an efficient, scalable, and sustainable solution for precision agriculture. By
utilizing renewable energy and IoT technology, these systems enable real-time farm monitoring, optimizing irrigation,
soil health, and environmental tracking. Their cost-effectiveness and low maintenance requirements make them ideal
for large-scale and remote farming operations. The integration of Al-driven analytics will further enhance predictive
maintenance, automated irrigation, and pest detection, improving farm productivity and resource management.
Advancements in energy harvesting, ultra-low power designs, and wireless communication will boost efficiency and
system longevity. Despite challenges such as initial installation costs and sensor calibration, ongoing research in 5G,
edge computing, and hybrid energy solutions will address these limitations. As global demand for sustainable
agriculture grows, solar-powered embedded systems will play a key role in enhancing food security and eco-friendly
farming practices.

References

[1]  Sadowski, Sebastian, and Petros Spachos. "Solar-powered smart agricultural monitoring system using internet
of things devices." In 2018 IEEE 9th Annual Information Technology, Electronics and Mobile Communication
Conference (IEMCON), pp. 18-23. IEEE, 2018.

[2] Selmani, Abdelouahed, Hassan Oubehar, Mohamed Outanoute, Abdelali Ed-Dahhak, Mohammed Guerbaoui,
Abdeslam Lachhab, and Benachir Bouchikhi. "Agricultural cyber-physical system enabled for remote
management of solar-powered precision irrigation." Biosystems Engineering 177 (2019): 18-30.

[3] Velasco, Rose Mary A. "Internet of Things Applied to Solar-Powered Smart Agricultural Monitoring System: A
Prototype Development.” Velasco, RMA (2019). Internet of Things Applied to Solar-Powered Smart Agricultural
Monitoring System: A Prototype Development (2019).

[4] Zhang, Xihai, Jiali Du, Chengguo Fan, Dong Liu, Junlong Fang, and Lingshu Wang. "A wireless sensor monitoring
node based on automatic tracking solar-powered panel for paddy field environment." IEEE Internet of Things
Journal 4, no. 5 (2017): 1304-1311.

[5] Visconti, Paolo, Roberto De Fazio, Patrizio Primiceri, Donato Cafagna, Sergio Strazzella, and Nicola Ivan
Giannoccaro. "A solar-powered fertigation system based on low-cost wireless sensor network remotely
controlled by farmer for irrigation cycles and crops growth optimization." International Journal of Electronics
and Telecommunications 66, no. 1 (2020): 59-68.

816



